Harnessing Temporal Information for Precise
Frame-Level Predictions in Endoscopy Videos
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Supplementary

Segment mAvg AUC (%) mAvg F1 (%) Accuracy (%) Adj. accuracy (%)

IL 97.2 £ 0.0 84.7 £ 0.1 80.8 £ 0.1 93.1 £ 0.1
RC 92.1 £ 0.1 62.5 £ 0.2 63.8 £ 0.2 93.2 £0.1
TC 874 £ 0.1 53.2 £ 0.2 50.7 £ 0.2 948 £ 0.1
LC 91.0 £ 0.0 73.1 £0.1 75.3 £ 0.1 972 £ 0.1
RM 96.7 £ 0.0 79.0 £ 0.1 823 £ 0.1 98.2 £0.1

Table S1. Frame-level performance of EndoFormer for each anatomic segment on CD
test set.

Fig. S1. Qualitative results on ten example endoscopy videos in the CD test set; each
with top row: Ground Truth (GT) segments, middle row: CNN-based (CNN) pre-
dictions; bottom row: EndoFormer predictions. EndoFormer is doing a great job in
predicting fully connected segments similar to GT. CNN, which is the Endomapper
model adopted from [?] on the other hand fails to reconstruct fully connected seg-
ments, because of the lack of local and global temporal information.



