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Proof on Theorem 1
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By applying Jensen’s inequality, we have
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Thus, the sum can be written as follows
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By applying Jensen’s inequality again on the latter term, we obtain
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Thus, for a specific mini-batch and queue, Eq. 3 holds.

Proof on Theorem 2
Firstly
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As illustrated in [10], we can rewrite LBPaCo as
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Finally, Eq. 5 holds.
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Table A1. Details of the involved diseases in ISIC2018, APTOS2019 and
OCTA500.

ISIC2018 APTOS2019 OCTA500

NV Melanocytic Nevus No DR Without Diabetic Retinopathy Normal Normal

MEL Melanoma Moderate Moderate Diabetic Retinopathy OTHERS Diseased samples < 8

BKL Benign Keratosis Mild Mild Diabetic Retinopathy DR Diabetic Retinopathy

BCC Basal Cell Carcinoma Proliferative Proliferative Diabetic Retinopathy AMD Age-related Macular Degeneration

AKIEC Actinic Keratosis Severe Severe Diabetic Retinopathy CNV Choroidal Neovascularization

VASC Vascular Lesion - - CSC Central Serous Chorioretinopathy

DF Dermatofibroma - - RVO Retinal Vein Occlusion
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