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1 Resource-Efficiency of PathoTune

We compared the precision and number of parameters of PathoTune as well as
other PEFT-based methods on the BCI dataset. As shown in Fig. 1, methods
such as VPT [1], VQT [2], and CITE [3] have significantly fewer trainable pa-
rameters, but their AUC accuracies are far inferior to full finetuning (FT). In
contrast, PathoTune achieves an accuracy quite close to full finetuning with 6%
of trainable parameters.
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Fig. 1. Comparisons between PathoTune and other methods on the BCI dataset with
respect to precision and number of parameters.



2 J. Lu et al.

References

1. Jia, M., Tang, L., Chen, B.C., Cardie, C., Belongie, S., Hariharan, B., Lim, S.N.:
Visual prompt tuning. In: ECCV. pp. 709–727 (2022)

2. Tu, C.H., Mai, Z., Chao, W.L.: Visual query tuning: Towards effective usage of
intermediate representations for parameter and memory efficient transfer learning.
In: CVPR. pp. 7725–7735 (2023)

3. Zhang, Y., Gao, J., Zhou, M., Wang, X., Qiao, Y., Zhang, S., Wang, D.: Text-guided
foundation model adaptation for pathological image classification. In: MICCAI. pp.
272–282 (2023)


