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Fig. 1: Data distribution for each category in 6 datasets.
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Fig. 2: Distribution of individual datasets.

Hyperparameters DECO (DG) DECO (ESDG) Comparison methods
Epochs 100 100 100
Learning Rate 5× 10−4 5× 10−4 5× 10−4

Weight Decay 10−4 10−4 10−4

Batch Size 32 32 32
Warm Start Epochs† 30 35 -
Class Prototype Mixup Parameter αc 0.5 0.55 -
Domain Prototype Mixup Parameter αd 0.5 0.4 -
γc 0.2 0.2 -
γd 0.2 - -

Table 1: Hyperparameters for experiments. † denotes we adopt a warm start
strategy of running vanilla ERM for the first few epochs to ensure reliable disen-
tanglement. Interpolation coefficient λc ∼ Beta(αc, αc) and λd ∼ Beta(αd, αd).


