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Table 1. Pipeline Settings. The training of our pipeline is conducted on a GeForce
RTX 4090 (24GB VRAM) and the code is implemented using the MONALI library [2].

Autoencoder UNet ControlNet
Architecture [T [6] [3]
Input size 122 x 146 x 122 3 x 16 x 20 x 16 3 x16 x 20 x 16
Initialization Pretrained model[4] Random Random
Optimizer Adam AdamW AdamW
Learning rate 1074 2.5x107° 2.5 x 107°
Batch size 8 16 16
Diffusion steps - T = 1000 T = 1000
Noise schedule - Linear [.0015, .0205] Linear [.0015, .0205]
Sampling strategy - DDIM [5] (25 steps) DDIM [5] (25 steps)
Training time ~51 hours ~12 hours ~12 hours
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Fig. 1. Another comparison between the real progression of a 69 y.o. subject with MCI
over 14 years and the predictions obtained by BrLP and the baselines. Each method
shows a predicted MRI (left) and its deviation from the subject’s real brain MRI (right).
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Fig. 2. An example of spatiotemporal consistency improvement achieved with LAS,
where we observe an adequate monotonic expansion of the lateral ventricles.
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