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Fig. 1: Tllustration of how zero padding breaks translation equivariance: When
the lesion moves, parts that stay inside the image have unchanged segmentation,
whereas parts that are closer to the border are systematically undersegmented.
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Fig. 2: Illustration of the saliency maps of the segmentation model on the ultra-
sound segmentation task. The saliency maps were obtained with Grad-CAM on
the last layer of the U-Net encoder. The saliency maps show the model’s atten-
tion on the proposed shortcuts, i.e., the yellow calipers and texts in the image.
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