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Figure 1: 16 reconstructed examples from the StyleGAN-based autoencoder. The 1st to 6th
columns display reconstructions from different iterations.

Original: a = 410: a = 415: a = 4-20: a = 430:
Death: 0.10 Death: 0.67 Death: 0.76 Death: 0.83 Death: 0.88
Survival: 0.11 Survival:-0.30 Survival: -0.37 Survival: -0.37 Survival: -0.33

Reconstructed:
Death: 0.12
Survival: 0.12

Figure 2:

a = —10:
Death: -0.16,
Survival:0.38

a = —15:
Death: -0.25,
Survival: 0.61

a = —20:
Death: -0.45,
Survival: 0.82

a = —30:
Death: -0.80,
Survival: 1.19

Counterfactual generation for gradually confident classification results.



High ‘Death’:
Death: 0.47
Survival: -0.22

High ‘Death’:
Death: 0.68
Survival: -0.32

High ‘Death’:
Death: 0.71
Survival: 0.29

High ‘Survival’:
Death: -1.23
Survival: 1.63

High ‘Survival’:
Death: -0.83
Survival: 1.19

High ‘Survival’:
Death: -0.38
Survival: 0.78

Low ’'Death’:
Death: 0.25
Survival:0.11

Low ‘Death’:
Death: 0.23
Survival: 0.1

Low ‘Death’:
Death: 0.15
Survival: 0.02

e —20:
Death: -0.13
Survival: 0.34

a = —20:
Death: 0.03
Survival: 0.32

a = —20:
Death: 0.18
Survival: 0.28

a = +30:
Death: 0.29
Survival: 0.47

a = +20:
Death: 0.36
Survival: 0.18

a = +30:
Death:0.52
Survival: -0.12

a = —15:
Death: -0.25
Survival: 0.61

a = —15:
Death: -0.25
Survival: 0.60

e —10:
Death: -0.15
Survival: 0.38

(c) Attributions for cases classified as ‘Mortality’ but with low confidence)
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(a) Attributions for cases predicted as ‘Death’
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(b) Attributions for cases predicted as ‘Survival’
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Figure 3: Comparison of feature identification methods for cases with confident predictions
of ‘Mortality in one year’, confident predictions of ‘Survival in one year’, and indeterminate
predictions from FLD datasets.
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